31
Over the past two decades, public transit agencies across North America and Europe have increasingly 32 implemented Advanced Passenger Information Systems (APIS). APIS offers considerable benefits in 33 terms of customer satisfaction in the short term (Gooze et al. 2013 ) and a possible increase in ridership in 34 the long term (Tang and Thakuriah 2012; and Body 2007) . APIS improves overall satisfaction and makes 35 transit service a more attractive option for travellers. For instance, up-to-date transit information 36 decreases the uncertainty in waiting time (Rahman et al. 2013) , creates a perception that the system is 37 safer and more secure (Dziekan and Kottenhoff 2007) and helps transit riders productively manage their 38 waiting time (Russell 2012) .
40
Given the role that APIS can play on a transit system level of service and performance, it is 41 crucial to understand the attributes that influence a transit rider's decisions in response to real-time transit preference survey and found that 78% of respondents reported they were more likely to walk to a 67 different stop if there were delays (Rutherford et al. 2010) . The survey also indicated that the most 68 popular choice was to wait at the same stop but for a different bus route, followed by walking to stops 69 further ahead on the current route. In addition, approximately 42% of respondents indicated they walked 70 to another stop for exercise, which is beneficial for health reasons (Ferris et al. 2010) . Decisions that 71 transit riders made depended on trip purpose, type and duration of the disruption, trip time, and weather 72 conditions (Bai and Kattan 2014) . In addition, socio-economic attributes, experience with APIS, and 73 experience with transit also influenced the passengers' decisions.
74
While staying on the intended path, productively managing their time around stop is another 75 choice a passenger can make a choice to cope with a long wait. In the literature, 20% to 38.5% of 76 respondents said they would leave the stop and return when the bus is due (Nijkamp et al. 1996; SAIC 77 2003; Caulfield 2004) . Undoubtedly, knowing the expected wait time would help riders plan their 78 activities while waiting (Russell 2012) . King county metro OneBusAway users routinely comment about 79 their ability to grab a cup of coffee because they know there is a 10-minute late (Rutherford et al. 2010 ).
80
In general, some transit users keep busy, for example by making phones calls or reading, while waiting. 81 Bai and Kattan (2014) 
95
However, the effect of conflicting information from different sources is less understood. Gooze et al 96 (2013) highlighted the importance of reliable real-time transit arrival information. They found that riders 97 expected an average margin of error of 4-6 minutes for arrival predictions. However, infrequent riders, 98 compared to frequent riders, expected an even lower margin of error. They found that passengers with a 99 lower tolerance for errors might decide to take public transit less often. Rahman et al (2013) 113 Preston et al (2016) found that the willingness of passengers to change their behavior to avoid crowding.
114
Based on a simulation analysis conducted by Drabicki et al. (2017) , the provision of crowding 115 information in real-time was shown to significant impact en-route path choices. These choices were also 116 found to be strongly related with network congestion level, passengers' behavior in terms of sensitivity to information on crowdedness on a bus decreases the probability that a rider will choose to board on the 129 incoming bus. Based on a recent pilot study at a Stockholm metro station, Zhang (2017) found that the 130 provision of real time information on train crowding is successful in reducing the passengers boarding 131 the first, most crowded car by 4.3% points on trains that were crowded on arrival. A stated preference 132 work undertaken in the UK (Pritchard 2017) showed that the provision of improved information could in 133 some cases be effective, in helping passengers make informed decision to avoid train crowding. only using the bus service, 37 % only using the LRT and 46% using both bus and LRT (Calgary Transit 
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The scenario related to inconsistent APIS and audio information was presented as follows in Table 1 223 below:
224 225 The scenario related to incoming crowded LRT only focuses on peak period when trains are crowded.
230
This scenario was presented as follows in Table 2: 231 
299 300
Where P ୬୧ is the probability of a respondent being involved in an action, ݅;
301
ܷ is a function of covariates that determines the likelihood of respondent, ݊, being involved in 302 action ݅;
303
‫ܫ‬ is the set of all possible actions that are available to the respondents.
304
The covariate function is linear:
307 308
Where β ୧ is a vector of the estimated coefficients;
309
‫ݔ‬ are the measurable characteristics that can determine the categories of the possible actions; 310 ε ୬୧ is an error term that is used to address the unobserved factors that influence the actions taken 311 by the individuals.
312
Therefore, the logit function for respondent, ݊, choosing action, ݅, can be written as:
314 D r a f t Each observation has an assigned weight to correct sampling bias and to obtain an unbiased estimation.
322
The following formula is implemented in logit software using a weight factor, 
462
Travellers were more likely to take the next LRT or change their plans on a typical summer day (15℃ -
463
25℃ with no expected rain) than when the temperature was between -25℃ and -5℃ with no expected 464 snow for both examined trip purposes.
466

Trip characteristics
467
In terms of the LRT IVT, as IVT increased, the probability of waiting for the next LRT increased. 
476
Respondents waiting at end-of-line terminals were less likely to change their path than those waiting at 477 other stations, although the finding was only significant for commute trips. This finding was expected 478 because the LRT to arrive at an end-of-line terminal was expected to be empty.
480
Relative to the respondents waiting at the downtown LRT stations, respondents waiting at other LRT 481 stations were less likely to change path, although the finding was only significant for inner city stations; 482 walking distance to a public place, such as a coffee shop, shopping mall and restaurants in the downtown 483 is shorter than that in other areas.
484
Discussion: 485
In this paper, four multinomial logit models were developed and calibrated to explore the factors 486 affecting trip decision-making for commuter and non-commuter trips.
487
In the scenario when inconsistent information was presented:
488
• The following factors were found to have a significant impact on riders' behavioural choices for 489 changing to a vehicle or taxi for both commuter and non-commuter trips were identified as: 
